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Abstract 
As the world has become digital, so have social interactions and social norms. Previous literature 
has identified the antecedents of following norms in social interactions, but it is still unclear 
whether these factors can predict norm adherence online. This paper aims to experimentally test 
how two factors that have been implicated in norm adherence—tight rules and social 
identification—relate to norm adherence in online communities. We conducted two studies to 
assess how people responded to online norms in conversations about political and non-political 
topics, and how these responses varied on the basis of tight rules and social identification. We 
measured norm adherence through engagement with normative topics of discussion online. 
Using a text analysis approach, we detected keywords relating to the topics of discussion, and 
measured each participants’ frequency of keyword matches. Study 1 showed that tight rules did 
not predict norm adherence online. We found mixed evidence for the role of social identification 
in norm adherence. In both studies, racial minorities engaged in normative topics less than white 
participants. However, Study 2 showed that relationship was not mediated by social 
identification, and social identification did not predict norm adherence. These studies suggest 
that new factors might be implicated in norm adherence within online communities.  
Keywords: content moderation, norm adherence, norms, online communities, social 
identification, politics, favorability, race, tight rules, loose rules 
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Do Tight Rules and Social Identification Increase Norm Adherence in Online Communities? 
 
Humans have lived in social groups for thousands of years, but the nature of these groups 
has radically changed in the last two decades as social interactions have migrated online. The 
internet is a relatively novel cultural product that has transformed the ways we communicate 
(Nie, 2001), collaborate, and share ideas (Faraj, Jarvenpaa, & Majchrzak, 2011). Not only has the 
internet provided new outlets to innovate and share knowledge, but it has also created an 
alternative space for social bonding (Wilson & Peterson, 2002). Platforms, such as Twitter, 
Facebook, or Reddit allow users to communicate with like-minded people in terms of their 
interests, values, and knowledge (Olson & Neal, 2015). In some ways, online communities are 
different iterations of the face-to-face world. However, we still do not understand whether rules 
in face-to-face communication replicate in online settings. Do people follow social norms on the 
internet for the same reason that they follow social norms in person? Or are there unique 
predictors of norm adherence in online and offline contexts?  
The Cultural and Psychological Predictors of Norm Adherence 
Many studies in social and cultural psychology have tested why people follow social 
norms in some cases and violate them in others. Some of these studies have focused on the role 
of cultural tightness, defined as the strictness of cultural norms and punishment for deviance, for 
norm adherence. According to this research, environmental threats can make cultural groups 
“tighter,” when people perceive a greater potential punishment for violating norms (Gelfand, 
Harrington, & Jackson, 2017). Cross-cultural studies have found that tighter nations and states 
have more order and generate greater rule-following (Harrington & Gelfand, 2014; Gelfand et 
al., 2011). Even during COVID-19, nations with tighter norms have experienced fewer cases and 
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fewer deaths, perhaps because people in these nations have been more compliant with norms 
(Gelfand et al., 2021).  
There is also social psychological evidence that suggests tight rules increase norm 
adherence. Studies have found that people are more likely to follow norms when they are in 
public contexts (Yamagishi, Hashimoto, & Schug, 2008), and in contexts where they feel 
accountable (Gelfand, Nishii, & Raver, 2006). Both adults and children are also more likely to 
follow norms when they are told their behavior may be shared with others (Haun, Rekers, & 
Tomasello, 2014). Some evidence suggests these effects may be particularly strong for 
minorities. People in low status groups are more aware of social norms and are cautious to avoid 
punishment (Keltner, Gruenfeld, & Anderson, 2003), whereas high status groups are more likely 
to be awarded social liberties that allow them to violate community norms, thus having a wider, 
and freer range of speech (Guinote, Judd, & Brauer, 2002). Majority groups encompassing white 
people, males, and those in higher socioeconomic groups have historically and systematically 
been placed the top of the sociopolitical hierarchy in the United States (Nkomo & Al Ariss, 
2014). This status could lead White males to feel more capable to violating norms compared to 
minority individuals. Cultural tightness is also associated with prejudice against minorities that 
may lead to them to feel especially pressured to follow norms (Jackson et al., 2019).  
While tight rules may lead to people following norms out of fear of punishment and 
ostracism, social identification may also lead to norm adherence because people want to gain 
approval from their groups. Social identification theory relates to a person’s sense of belonging 
with a particular group or set of values (Tajfel, Billig, Bundy & Flament, 1971). For example, 
people are more likely to identify with those who share their skin color, political orientation, 
nationality, and a host of other identities (Hogg & Turner, 1985). This in-group versus out-group 
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mentality may predict whether people will follow or break group norms. Past research shows that 
people perceive rules as tied to group membership, and that people will feel less pressure to 
follow out-group norms than in-group norms (Schmidt, Rakoczy, & Tomasello, 2012). People 
are also more motivated to gain approval from in-groups than from out-groups (Baumeister & 
Leary, 1995), and since norms signal social affiliation (Chao et al., 2010), they may be more 
likely to follow in-group norms compared to out-group norms.  
Reviewing research on offline social norm adherence suggests that people follow online 
norms for at least two reasons. First, people may follow norms online in order to avoid 
punishment, ostracism, or out of fear of tainting one’s reputation. This means that people may be 
more likely to follow norms when a community has strict content moderation policies that lead 
to many posts being removed, rather than loose moderation policies where posts are rarely edited 
or removed. Second, people may follow norms online to signal their affiliation with social 
identities. For example, someone might be especially likely to follow online norms when they 
feel that their online community shares their racial, national, religious, or other identity 
characteristics. However, It is also possible that people follow norms for different reasons in 
face-to-face contexts than in online communities. Thus, it might not be the case that social 
identification and tight rules lead to greater norm adherence on the internet. To understand why 
this might be the case, it is important to consider differences in online and offline social 
communities.  
Unique Characteristics of Online Social Communities 
Prior to the development of the internet, people interacted face-to-face in small, localized 
social networks. Now, our messages on Facebook can reach hundreds of friends and family, and 
our tweets can reach thousands of strangers. Due to the immense globalization of the internet, 
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anyone with an email, profile, or server could hypothetically see photos of someone’s cute cat. 
Mundane cat photos may seem superfluous, but the general augmentation of knowledge due to 
online communities has shown to engender a much more political agenda (Joseph, 2012). Social 
media and online communities make it drastically easier to collectivize and facilitate social 
change (Freelon, Mcllwain, & Clark, 2018). The emergence of online communities made it 
easier to build trust, increase awareness of protests, and increase movement membership during 
the 2013 environmental Gezi Park Protests in Turkey (Haciyakupoglu & Zhang, 2015). 
Similarly, online communities have helped the Black Lives Matter movement increase its forces 
by quickly mobilizing members, building coalitions, and disseminating social justice information 
(Mundt, Ross, & Burnett, 2018). It seems online communities have the capability to enact social 
change. 
However, there are darker features of online communities that may weaken the effects of 
tight rules and social identification norm adherence. For example, online anonymity might affect 
how tight rules function, making online communities susceptible to hate speech and online 
harassment (Joseph, 2012). Of those surveyed in the United States, a majority reported seeing or 
being subjected to various kinds of online harassment (Jhaver, Ghoshal, Bruckman & Gilbert, 
2018). Hate speech may be particularly common on online platforms because there is no 
effective way of punishing norm violators. Due to the increased hate comments, there has been a 
push to moderate and eliminate online harassment. Content moderation has helped reduce the 
amount racist, sexist, hate speech by deleting comments or creating blocklists on various 
platforms (Jhaver, Ghoshal, Bruckman & Gilbert, 2018). However, content moderation cannot 
damage the reputation of people who anonymously post hateful information, nor can it prevent 
them from reposting it.  
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There is also a lack of accountability on the internet. The term fake news has propagated 
through American news outlets and social media in recent years (Rochlin, 2017). Research has 
shown that increased exposure to fake headlines increases people’s beliefs in this misinformation 
(Pennycook, Cannon, & Rand, 2018). Other research has shown that people are more likely to 
redistribute information that aligns with their ideologies, and even more so if it comes from 
people they know, which can lead to online echo chambers where people share misinformation 
that appeals to their own social identity (Tandoc, 2019). Thus, it might be that social 
identification may be an incubator for misinformation, conflict, and partisanship, rather than 
norm adherence. Companies, like Twitter, have recently pushed for stricter rules through content 
moderation (Jhaver, Ghoshal, Bruckman & Gilbert, 2018). Yet, fact-checking and post removal 
may not effectively lead to long-lasting norm adherence because it only polices specific 
behaviors without actually punishing or exposing the people responsible for these behaviors.  
In sum, online communities are mostly anonymous, which makes it difficult to know 
people’s identities in these spaces. This also makes it difficult to hold people accountable for 
distributing misinformation or hate speech. It may also decrease feelings of positive social 
identification with an online community, since the cues that facilitate social identification offline 
are not visible in online forums. Taken together, this evidence suggests that tight rules and social 
identification may not be as effective at building norm adherence in online social groups as they 
are in offline social groups, and may encourage rule breaking in some cases.  
Current Research 
 In this current research, we experimentally test whether tight rules and social 
identification affect norm adherence on the internet. Study 1 manipulates the tightness of an 
online community’s norms, and Study 2 manipulates social identification via the racial 
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composition of the community. In both studies, we measure norm adherence through the extent 
to which participants engage in a popular topic on the social media website. We develop a text 
analysis variable to clean participant’s contributions to their community and detect keywords that 
match dominant themes in the community. In Study 1, we measure norm adherence in four 
different types of communities which have politically conservative (abortion), liberal (LGBTQ+ 
rights), neutral (infrastructure), and apolitical (cats) themes. In Study 2, we only measure norm 
adherence to a community with an apolitical theme (cats).  
 
Study 1: Tight Rules 
 Study 1 examined how tight rules affect norm adherence in online communities. In order 
to test this hypothesis, we created normed fictional online communities in which participants 
viewed and contributed posts to. We measured norm adherence by identifying the presence of 
keywords in participants’ posts that adhered to the normed topic of the community. We then 
developed a text analysis variable to assess this norm adherence. Communities varied in their 
rule tightness across conditions. We predicted that communities with tight rules would have 
greater norm adherence than communities with loose rules.  
Methods 
Participants  
 We advertised for 500 participants on Amazon Mechanical Turk and received 1087 
respondents in total. 721 completed the survey, and 285 passed our attention checks (i.e what 
sound does a dog make). Most of the 285 participants categorized themselves as White (76.5% 
versus 23.5% as non-White). Participant’s ages ranged from 18-82 (Mage = 20.81, SDage = 11.46). 
Participants categorized their genders as either male (56.8%), female (42.1%), or other (1.1%).  
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Design  
Study 1 was a mixed factorial 4 (community type) X 2 (rule tightness) design. We 
manipulated tight rules between subjects. We manipulated the theme of the community within 
subjects. We describe each of these manipulations below.  
Between-Subjects Rule Tightness Manipulation 
We operationalized rule tightness by stating that the community took either hands-on 
moderation approach (tight) or a hands-off moderation approach (loose). See Appendix A for the 
manipulation. In the tight condition, participants read that moderators often removed posts and 
would often message users about posts they considered inappropriate. In the loose condition, 
participants read that moderators seldom removed posts.  
Within-Subjects Community Theme Manipulation 
 We also varied the normative themes of each community within participants. Participants 
viewed four communities that varied in content. In one community, the majority of posts were 
about abortion (a conservative topic), in a second community, the majority of posts were about 
LGBTQ+ rights (a liberal topic), in a third community, the majority of posts were about 
infrastructure (a politically neutral topic), and in a fourth community, the majority of posts were 
about cats (an apolitical topic).  
We chose these four community themes after having a number of politically relevant 
topics (i.e. LGBTQIA+ rights) normed in a separate sample of 52 participants where participants 
rated their favorability towards each topic. In this separate study, prolife was the most favorable 
topic amongst conservatives, and LGBTQ+ rights was the most favorable topic amongst liberals, 
whereas infrastructure was equally favored by conservatives and liberals. See Appendix B for 
each topic and the correlations between favorability towards each topic. 
TIGHT NORMS & SOCIAL IDENTIFICATION  10 
Measures 
Norm Adherence. We measured adherence to the fictional online community norms 
using text analysis. We created a variable to detect the number of preregistered key words that 
were present in participants’ responses. For example, if the community norm was to discuss cats, 
our variable detected the use of the words cat or kitten and their plural variants.  
Prior to collecting this study, we conducted a pilot study involving 101 participants where 
we evaluated the viability of this text analysis strategy. In this study, participants were instructed 
to contribute a post to a community in which most posts were about cats. Participants were 
randomly assigned to either contribute to a community that had tight rules or loose rules about 
the community topic. Analyzing this pilot study showed that a substantial minority (22%) of 
participants used one of the matching keywords and keyword matching was significantly more 
likely in the tight compared to the loose condition (p = .005). We therefore considered this 
technique suitable to measure variability in norm adherence.   
Favorability. In addition to measuring norm adherence, we also measured how favorable 
participants’ posts were to the dominant theme in their social media community. We collected 
these favorability ratings by recruiting a separate sample of 500 participants who were randomly 
assigned a subset of posts from our study and rated the favorability of each post towards the 
community’s theme (1- Extremely unfavorable to 5- Extremely favorable). For example, a post 
that explicitly condemned same-sex marriage would be rated as unfavorable towards LGBTQ+ 
rights. Table 1 shows an example of conservative and liberal posts from their respective normed 
community along with their favorability rating.  
Table 1.  
Favorability Rating Across Topic Posts 
Response Theme Rating (1-5) 
“He-Man is a good role model for children” LGBTQIA+ Rights 2.9 
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“States with the most LGBT protections” LGBTQIA+ Rights 4.2 
“I found a way to make a Taco Bell item even better” Prolife 3.2 
“Her body, her choice!” Prolife 2.0 
Note. Higher rating values indicate greater favorability.  
Procedure 
 After consenting to participate in the study, participants were randomly assigned to either 
the “tight” or “loose” rules condition. They viewed each of the four fictional online communities 
in randomized order and were prompted to contribute posts to each community. After this task, 
participants provided demographic information, including their age, gender, SES level, race and 
political orientation indicated on a 1-Very Liberal to 9-Very Conservative scale. See Appendix C 
for the full demographic list. 
Results 
Descriptive Statistics 
On average, there were .30 keyword matches per participant. Norm adherence was 
highest for the apolitical (cat) community (M = .80), followed by the liberal (LGBTQ+) 
community (M = .31), the conservative (prolife) community (M = .06), and the politically neutral 
(infrastructure) community (M = .06).  
Rule Tightness on Norm Adherence and Favorability 
We began by evaluating the effect of tight rules on norm adherence and favorability using 
multi-level regressions where norm adherence and favorability were the outcome variables and 
tight-loose condition was the predictor. However, these models were singular, and so we instead 
conducted analyses where we aggregated across all topics, and then conducted four separate 
general linear models for each topic. In the aggregated dataset, there was no significant effect of 
condition on either norm adherence, b = .02, SE = .03, t = .63, p = .53, or favorability, b = .04, SE 
= .03, t = 1.23, p = .22. There were also no significant effects of tight rules on norm adherence in 
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the four individual communities. Table 2 and Figure 1 show that condition did not affect norm 
adherence or favorability in any of the four communities.  
Table 2.  
Effects of Tight Rules on Norm Adherence and Favorability Across Topics 
Outcome Theme Estimate SE t p 
Norm Adherence Apolitical  .02 .10 .22 .83 
Favorability Apolitical -.01 .08 -.15 .88 
Norm Adherence Liberal .02 .07 .30 .76 
Favorability Liberal .14 .08 1.74 .09 
Norm Adherence Conservative -.007 .03 -.23 .82 
Favorability Conservative -.003 .05 -.06 .95 
Norm Adherence Neutral .05 .03 1.69 .09 
Favorability Neutral .04 .04 .89 .37 
 
Figure 1. Norm adherence across the tight and loose conditions for each of the four online 
communities in Study 1.  
 
Individual Differences in Norm Adherence and Favorability 
 We examined individual differences in participants’ levels of norm adherence and 
favorability, focusing on demographic characteristics. We included participants’ SES, age, 
gender, race (dummy coded as White vs. Non-White), political orientation, and whether they had 
a college degree or not in two multiple regressions with norm adherence and favorability as 
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more adherent to norms than non-White individuals, but did not contribute more favorable posts. 
We also found that conservative individuals wrote less favorable posts on average towards the 
dominant theme in their community, but did not differ from liberals on norm adherence.  
Table 3.  
Norm Adherence and Favorability Across Individual Differences  
Variable Estimate SE t   p 
Norm Adherence     
     SES .007 .01 .71 .48 
     Age -.002 .002 -1.33 .18 
     Gender -.04 .03 -1.07 .28 
     White  .12 .04 2.88 .004 
     Politics -.009 .007 -1.28 .20 
     College -.003 .04 .08 .94 
Favorability     
     SES -.001 .009 -.11 .91 
     Age -.001 .002 -.90 .37 
     Gender .04 .03 1.38 .17 
     White  .03 .04 .77 .44 
     Politics -.02 .007 -3.43 < .001 
     College -.01 .04 -.37 .71 
Note. Dependent variables are bolded, and predictors are indented below dependent variables.  
Discussion 
 What makes people adhere to norms on the internet? In this study, we found no evidence 
that tight rules increased norm adherence in an online community. People were equally likely to 
use keywords consistent with an online community’s normative themes in the tight and loose 
conditions. We did find a significant association between norm adherence and race, such that 
White participants were more likely to adhere to online norms than non-white participants. This 
may be because non-White people perceive online communities to be mostly White and they feel 
less social identification with these communities. Study 2 tested for the role of social 
identification in online norm adherence by manipulating the demographic characteristics of 
communities and measuring social identification and norm adherence.  
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Study 2: Social Identification 
 Study 2 examined the role of social identification on online norm adherence. Study 1 
found that White participants were more likely to adhere to online norms than non-White 
participants. One reason for this effect could be that non-White participants identified less with 
their fictional online community because they might have assumed their identities were 
represented less in the community. Study 2 explored this possibility be varying the community’s 




 We advertised for 100 White participants and 100 Black participants over Amazon 
Mechanical Turk and received 290 responses. After excluding participants who did not complete 
the survey, 180 responses included in the final analysis. Of the 180 participants, 99 identified as 
White (55%), 77 identified as Black (42%), and 4 identified as other races (3%).  
Manipulation 
Study 2 employed a between-subjects experimental design with two conditions. All 
participants viewed a single social media community (the same “cat” community as Study 1), but 
we manipulated the perceived demographic composition of the community consistent between 
subjects. In one condition, participants read that the community had more Black members than 
any other racial group, whereas participants in the other condition read that the community had 
more white members than any other racial group. See Appendix D for the manipulation.  
Measures 
Norm Adherence. We used the same measure as in Study 1 to assess norm adherence. 
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Social Identification. We asked participants a series of randomized social identification 
questions following the manipulation. We measured social identification (a) with the 
demographic characteristics of the community (i.e “I identified with the racial composition of the 
social media website”), and social identification (b) with the community in general across three 
items (i.e. “I would feel committed to the social media website”) Participants responded to these 
items using a scale from 1- Strongly disagree  to 7- Strongly agree.  
Procedure 
 Participants were randomly assigned to either the predominately White or Black 
conditions and were asked to contribute a post to their community. Following the manipulation, 
participants provided demographic information, including their age, gender, SES level, and race. 
Results 
Race and Condition on Social Identification 
Did participants feel more identified with communities that shared their demographic 
characteristics? To test whether our study condition affected participant’s level of social 
identification, we conducted two linear regressions shown in Figure 2. We examined (a) social 
identification with community on the basis of racial composition and (b) social identification 
with the community in general. These regressions interacted participant’s race with participant’s 
condition. For regression (a) we found a significant interaction of condition on race, b = -1.69, 
SE = .45, t = -3.78, p <.001, such that Black participants felt more identified with the racial 
composition of the community in the Black condition, b = 1.42, SE = .31, t = 4.54, p < .001, but 
non-significantly less in the White condition b = -.27, SE = .32, t = -.86, p = .39. There was no 
significant interaction for regression (b), b = .03, SE = .48, t = -.06, p = .95, such that the 
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condition appeared to influence participants’ racial identifications, but not the participant’s 
identification with their community. Figure 2 displays these effects.  
 
Figure 2. Main effects between condition, race, and social identification.  
Race and Condition on Norm Adherence 
Results from Study 2 replicate findings from Study 1, suggesting that Black participants 
matched less than White participants, but other demographic characteristics did not predict norm 
adherence (see Table 4). There was more variability in responses within Black participants, 
whereas there is more homogeneity and adherence to the normative theme within White 
participants which is shown in Figure 3. Black participant’s posts had more references to 
“people” than White participant’s posts which was an unexpected qualitative finding from this 
analysis.  
Table 4. 
Norm Adherence Across Individual Differences 
    
Variable Estimate SE t p 
SES -.003 -.025 -.117 .91 
Age -.0003 -.0003 -.88 .38 
Gender -.13 -.11 -1.2 .22 
Race -.27 -.11 -2.5 .01 
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Figure 3. Frequency of words in participant’s free responses overall, from Black participants and 
from White participants, respectively. 
 
Social Identification on Norm Adherence 
 To test whether the effects of social identification predicted levels of norm adherence, we 
conducted a linear regression. We found that identification with the community did not correlate 
at all with norm adherence (r = -.02), such that participants who felt more bonded to a 
community did not use more normative language of that community which ran in contrary to our 
predictions.  
Discussion 
 Do people adhere to an online community’s norms when they identify with the racial 
characteristics of that community? In this study, we found no evidence to suggest social there is a 
relationship between social identification and norm adherence online. Black participants 
identified with the racial characteristics of a community that had higher Black membership, but 
this did not predict higher levels of engagement with the community’s normative topic. Social 
identification, like tight rules in Study 1, did not appear to increase norm adherence.  
 
General Discussion 
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Humans are social animals, and we follow many norms in our daily lives. Many studies 
have suggested that tight rules and social identification increase adherence to norms in face-to-
face communities, but we still know little about the correlates and predictors of norm adherence 
in online settings (Yee, Bailenson, Urbanek, Chang, & Merget, 2007). This study addresses this 
gap to test whether tight rules and social identification predicted norm adherence online. In 
Study 1, we designed fictional online communities with either tight or loose community norms. 
In Study 2, we manipulated social identification via the demographic characteristics of online 
communities. Both studies suggest that social identification and tight rules may have little impact 
on norm adherence online. Neither tight rules nor varying community demographic 
characteristics, such as race, seemed to increase norm adherence online. Across both studies, we 
found that White participants were more likely to adhere to online norms than non-White 
participants, but this relationship was not explained by social identification.  
The current study builds upon the previous research on cultural tightness and social 
identification. Past studies found people adhere to tight norms to when they are in public 
(Yamagishi, Hashimoto, & Schug, 2008), when they feel accountable (Gelfand, Nishii, & Raver, 
2006), and to avoid punishments (Guinote, Judd, & Brauer, 2002). Similarly, past social 
identification research found that people are more likely to follow ingroup norms (Schmidt, 
Rakoczy, & Tomasello, 2012). However, these observations might not be the case in online 
settings. In both cases, it might be possible that the anonymity and lack of accountability online 
leads people to behave differently than they would in the face-to-face world (Jordan, 2019; 
Keum & Miller, 2018). The current study presents one of the first looks at how tight rules and 
social identification function online, but there is more to be done to determine what predicts 
online behaviors.  
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Implications 
 One consistent finding throughout the current study was that White participant’s followed 
online norms more closely than non-White participants. This racial difference replicated in both 
of our studies, and it has broader implications. For example, high norm adherence in 
predominantly White spaces could catalyze healthy forms of social change. For example, in 
online communities adopted norms related to equality (Hässler, Uluğ, Kappmeier, & Travaglino, 
2021) and encourage collective action (Bilali, Volhardt, & Rarick, 2017). White participants’’ 
tendencies to adhere to norms could translate to more support for social justice movements. As 
our social interactions continue to migrate to online spaces, we encourage research that harnesses 
norm adherence in high-power groups to foster equality. 
On the other hand, norm adherence could also perpetuate existing inequalities. For 
example, if a majority group, such as White people, supports information that is racist or sexist, 
they might propagate biased attitudes and discourage positive social change rather than 
challenging harmful norms. Positive contact with minority individuals online may help challenge 
norms of White privilege and suggest a way to mediate bias arising from ingroup contact 
(Paluck, Green, & Green, 2019). However, it may be difficult to incite this contact since online 
interactions are frequently anonymous and White individuals may be more likely to follow 
systems justifying norms than adopting new ones.  
Limitations  
The current research has limitations that might have influenced our results. The first set 
of limitations concerns the methodology of the study. When administering the primary study, we 
received 1087 responses. Unfortunately, many participants failed attention and manipulation 
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checks which resulted in a substantial amount of attrition leaving the final analysis with 285 
responses. With a larger sample, we might have produced more robust results.  
Another limitation of the current study might relate to the internal validity of the 
manipulation. It is possible that our measurement may not have been the most accurate way to 
measure norm adherence. The current study used text mining to identify keywords present in 
participant’s responses. Although we created a list of different words relating to the community 
theme, it is possible participant’s may have responded with answers that parallel the topic 
showing engagement at a different level. For example, in the normed cat community, some 
participants contributed responses with the word dog and its variants. Although this does not 
directly relate to cats, it straddles the norm adherence line. It might be interesting to redefine 
which keywords align with the community to encompass different levels of norm adherence, or 
to create a continuous measure of topic similarity using word embeddings, which define a 
semantic space of concepts using Euclidian distance to represent semantic similarity. 
Lastly, there are sociopolitical artifacts that might have influenced the participant’s 
behaviors during our study. We conducted the study during a Presidential election year, during 
the peak of the COVID-19 pandemic, and amongst political insurgencies that were racially 
charged which might have affected participant’s responses. The political atmosphere may have 
generated abnormal responses from participants relative to how they normally respond. Research 
on availability heuristics (Schwarz et. al., 1991) might suggest that these sociopolitical topics 
(i.e. the Presidential election, COVID-19, and racial tensions), might be at the forefront of 
people’s minds due to the increased political discussions in the media. Other research may reveal 
how the presence of echo chambers might polarize people in new ways (Colleoni, Rozza, 
&Arvidsson, 2014) which could influence people’s attitudes and behaviors.  
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Future Directions 
The current research addresses deeper questions relating to race, social norms, and online 
behavior which should be explored by future research. Future studies may investigate further 
why we observe this interesting racial dynamic in online norm adherence. Similarly, it would be 
interesting for cross-cultural studies to conduct a similar study in cultures where White people 
are not the dominant race.  
Future studies could also explore these findings in relation to specific social media sites. 
Rather than simulating a community, as we did, future research could make platforms more 
realistic which might increase participant’s likelihood responding realistically. Similarly, future 
studies could measure norm adherence across different real-world platforms that vary in their 
social identities, such as in different subreddits. Future studies could further investigate how 
social identification theory relates to people’s online behaviors and how people perceive how 
online communities cater to their ideologies and group memberships.  
Conclusion 
 As the world becomes more technological and interconnected, investigating how people 
behave online should be at the forefront of research. In a world where people’s social identities 
may be less visible to the public, but are still just as salient, it is important to understand how 
individual differences affect who is more likely to follow the implicit or explicit rules. 
Understanding the factors that contribute to adherence of social norms, especially in an online 
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Appendix B  
 
 
Note. A screenshot from our topic norming study. The first column represents different 
politically-relevant topics. The correlation column represents the correlation coefficient between 
favorability of the topic and political orientation from 1- Very Liberal to 9-Very Conservative. 
The Democrat and Republican columns list regression coefficients representing the association 
between each topic and identification with a political party. Highlighted rows represent the three 
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Appendix C 
Demographics 
Age What is your age:  
▼ 18 (1) ... 95 (78)  
Gender What is your gender?  
o Male  (1)   
o Female  (2)   
o Other  (3)   
  
State What state/province are you from?  
_______________________________________________________________   
 
Race What is your race?  
o White/Caucasian  (1)   
o Black  (2)   
o Hispanic  (3)   
o Asian  (4)   
o Pacific Islander  (5)   
o Multiracial (please specify)  (6) 
________________________________________________  
o Other (please specify)  (10) 
________________________________________________  
 
Religion What best describes your religious affiliation?  
o Buddhist  (1)   
o Catholic  (2)   
o Protestant  (3)   
o Hindu  (4)   
o Jewish  (5)   
o Muslim  (6)   
o Sikh  (7)   
o Agnostic  (8)   
o Atheist  (0)   
o None  (10)   
o Other (please specify)  (11) 
________________________________________________  
  
Page Break    
Page Break  
Education  Please indicate the highest level of education completed.  
o Grammar School  (1)   
o High School or equivalent  (2)   
o Vocational/Technical School (2 year)  (3)   
o Some College  (4)   
o College Graduate (4 year)  (5)   
o Master's Degree (MS)  (6)   
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o Doctoral Degree (PhD)  (7)   
o Professional Degree (MD, JD, etc.)  (8)   
o Other  (9)   
 
Income What is your annual household income (in United States dollars)?  
o Below $30,000  (1)   
o $30,000-$60,000  (2)   
o $60,000-90,000  (3)   
o $90,000-$120,000  (4)   
o Above $120,000  (5)    
Page Break    
Page Break   
Q25 Try to imagine the ladder below as representing the status people stand in society. 
Those with the highest socioeconomic status (i.e. those with the most money, highest 
education and best jobs) are at the top and those with the lowest socioeconomic status 




Ladder Which letter corresponds to where you think you stand in society?  
o K  (1)   
o J  (2)   
o I  (3)   
o H  (4)   
o G  (5)   
o F  (6)   
o E  (7)   
o D  (8)   
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o C  (9)   
o B  (10)   
o A  (11)   
Page Break    
Page Break  
Conservative Where would you classify yourself on the political spectrum?  
o 1: Very Progressive  (1)   
o 2  (2)   
o 3  (3)   
o 4  (4)   
o 5  (5)   
o 6  (6)   
o 7  (7)   
o 8  (8)   
o 9: Very Conservative  (9)   
Page Break    
Page Break  
COVID How concerned are you about COVID-19 (Coronavirus)?  
o 1: Not at all concerned  (1)   
o 2  (2)   
o 3  (3)   
o 4  (4)   
o 5  (5)   
o 6  (6)   
o 7  (7)   
o 8  (8)   
o 9: Very concerned  (9)   
End of Block: Demographics   
Start of Block: Debrief  
code Your completion code is  
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Appendix D 
 
 
